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2. Confirmatory Factor Analysis (CFA)
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1) Specification

2) Identification

3) Estimation

4) Assessment of fit
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2A: TRAIT AND METHOD FACTOR LOADING (A)

T T 1 M, M, M,
X, 1 0.0 0.0 2 0.0 0.0
X, 0.0 3 0.0 4 0.0 0.0
X, 0.0 0.0 5 6 0.0 0.0
X, 7 0.0 0.0 0.0 8 0.0
X, 0.0 9 0.0 0.0 10 0.0
X, 0.0 0.0 11 0.0 i2 0.0
X, 13 0.0 0.0 0.0 0.0 14
X, 0.0 15 0.0 0.0 0.0 16
X, 0.0 0.0 17 0.0 0.0 18

2B: INTERCORRELATION OF TRAIT AND METHOD FACTORS (D)

I L) L M, M, M;
T, 1.0
T, 19 1.0
T, 20 21 1.0
M, 22 23 24 1.0
M, 25 26 27 28 1.0
M, 29 30 31 32 33 1.0
2C: RANDOM ERRORS ASSOCIATED WITH EACH MEASURED VARIABLES (€ )
X, X, X, X, X, X X, X, X,
34 35 36 37 38 a9 40 41 42

nr 1 ') 1 - n ) o ] A ol
SIndIsg 1SS MuAf T wes a1 lums i winiimes vudadusnaiiazuiada
= ¥ Voo . ad ™ 4 3 M =4
HhidassuegivTunaFmauindginnldidundn uas Tumameueiiu Tuman e
o s w > 4 - oo
amanarenld vuafififvowezdideanannalszmsennsaounldnageuuaindian
r d’ [) - . P or  or o ar = -] A w )
A3t 19 WnsEf Y mait 0@z method factor TUFUWMTAY M1319N 2 AZNEINY MIT fix WITW

1o 22-27 uay 29-31 Whiilugud wie msfimuadennastanma hifinnuduiugszuin method




9

»

factor UAZSEWIN trait 148X method factor KAZNTST method factor tnariiuluyn mait lunsdifin
eiuns fix wisiiaes 1-33 Woiwugug
2) Identification
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Unweighted least squares (ULS), Generalized least squares (GLS)},uny Maximum [ikelihood (ML)

4) Assessment of fit
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